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Examples of topics with word samples T T2 P
Corporate\Wbusiness, clients, development, marketing, offices' “._ O1 E 84 53 KX
Education\Wssignments, coursework, dissertation, essay, library' | O1 m Ll 83-5% ° m 6.4
. : 2 Bl RN 66.47%
Internet SlangWhahaha, awwww, hahaa, hahahaha, hmmmm 02 R 517 |80.4%
PoliticsWlabour, #politics, #tories, conservatives, democracy' : 03 67.7%
Shopping\W'shopping, asda, bargain, customers, market, retail’ : R  82.3% 81.8%]82.0%
Sports\Wfootball, #winner, ball, bench, defending, footballer R  854% 58.5% 68.8%|75.1%
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s ( ' ) P ' 2/ (26°) Conclusions.'8*9kirst approach for inferring the socioeconomic
v (X, X7) = 1§ # %X, X)) status of a social media user, 8:975% & 82% accuracy for the 3-
- way and binary classification tasks respectively, and 8#%uture
Dl work is required to evaluate this framework more rigorousl
i Download the data set 9 . o . g y
O] and to analyse underlying qualitative properties in detail.
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